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ABSTRACT

This study determined the factors that influenced the usability of a mobile-based intelligent agent called 
“AskRed.” The design-related factors were evaluated in terms of performance, accuracy, responsiveness, 
aesthetics, and completeness. The usability of the software was determined in terms of satisfaction and 
intention to re-use the software. The software received favorable ratings from the students. Experts’ 
software evaluation recommended strengthening the design of the intelligent agent in terms of security, 
performance, completeness, and ease-of-use. Multiple regression analyses showed that performance and 
completeness influenced satisfaction and intention to re-use. Aesthetics and responsiveness influenced 
satisfaction but not intention to re-use. Responsiveness had a negative impact on satisfaction. The 
predictive powers of the regression equations are 58% and 73%. This study provided empirical evidence 
on the predictors of usability of an intelligent agent used in a university setting.
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INTRodUCTIoN

An intelligent agent is a “software program designed to act autonomously and adaptively to achieve 
goals defined by their human developers or runtime users” (p. 91, Haynes et al., 2009). It is a program 
that can provide user-centric, personalized applications (Hussain, 2013; Shumanov & Johnson, 2021). 
The functionalities of intelligent agents have been applied in the field of education. For example, 
prior studies showed that intelligent agents were used as mentors (Baylor, 2000), library assistants 
(Liu, 2011; Talley, 2016), and intelligent agent support instructors (Li, 2007; Njenga, Oboko, & 
Omwenga, 2018).
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An emerging application of intelligent agents is improving school administrative services by 
providing information (Lee et al., 2019; Bendici, 2018). Through intelligent agents, schools can 
improve their communication channels, compliance with standards, and retention of students (Bendici, 
2018). Integrating intelligent agents as information providers is consistent with the management goal 
of schools, i.e., to provide the students with the highest level of service (Seeman & O’hara, 2006). 
For instance, the intelligent agent can assist students in identifying pre-enrollment requirements, 
provide information related to financial aid, remind students about upcoming events, and locate school 
buildings (Bendici, 2018; Hussain, 2018; Lee et al., 2019). Because of these capabilities, intelligent 
agents could reduce the administrative workload of staff (Lee et al., 2019).

Despite the importance of intelligent agents in improving university services, very few studies 
have examined the factors that influence their use and usability in a university setting (Lee et al., 2019). 
A lack of understanding of the factors that affect chatbot usability may lead to an unusable chatbot, 
which may then lead to the discontinuance of its use. As pointed out by Janssen et al. (2021), chatbot 
usage failure is attributed to poor content, the wrong use case, and ignored user requirements. Thus, 
it is critical to understand the design factors and how they affect chatbot usability to ensure that the 
technology is optimally used. Understanding how these factors influence a chatbot’s usability in a 
university setting could aid in identifying design aspects that meet the information needs of its users.

In light of this research gap, this study was conducted. The study developed AskRed (subsequently 
referred to as software) that could provide students with the information they need regarding the 
services, policies, and general information about the university. AskRed is a mobile-based intelligent 
agent that responds to college students’ queries relating to the policies, services, and general 
information of the university. It serves as a platform that could serve as an access point for students’ 
queries and inquiries through the use of their mobile devices. It can accept queries in the form of text 
or voice and perform the queries through the use of natural language processing (NLP). This chatbot 
could make it easier for students to gather information. It may also reduce the workload of university 
personnel who provide the information (Patel et al., 2019).

Moreover, the study identified the factors that influence the usability of AskRed. Toward this 
goal, this study sought answers to the following questions. 1) What are the design-related factors in 
terms of performance, accuracy, responsiveness, aesthetics, and completeness? 2) What is the usability 
of the software in terms of satisfaction and intention to re-use the software? 3) Do design-related 
factors influence the usability of the software?

The rest of this paper is divided into seven sections. The second section is the Literature Review 
section, which is divided into two subsections. The third section defines the research variables 
and states the null hypotheses. The fourth section, AskRed Architecture, describes the software’s 
framework. The fifth section is Methodology, which is further divided into four sub-sections. The 
study’s findings are presented in the sixth section. The performance and completeness of the chatbot 
were found to influence satisfaction and the intention of reuse. Aesthetics and responsiveness 
influenced satisfaction but not the intention to reuse. Responsiveness had a negative impact on 
satisfaction. These findings are then discussed in detail in the Discussion section. The eighth section 
ends with a discussion of the Conclusion, Recommendations, and Future Works.

LITeRATURe ReVIew

Usability Measures and design-Related Factors
Usability has no universal definition (Sindhuja & Dastidar, 2009) because it depends on the nature of 
the object under investigation (Granic et al., 2011) and the context of use (Scheller & Kühn, 2015). 
Nonetheless, different studies attempted to propose a framework for evaluating usability. According 
to International Standard Organization (ISO) 9241 (ISO, 1998), usability is composed of efficiency 
(resources spent in performing tasks), effectiveness (the ability of users to complete tasks using 



International Journal of Mobile Human Computer Interaction
Volume 15 • Issue 1

3

technology with the assurance that the output of that task has quality), and satisfaction (subjective 
evaluation of contentment by using the technology). However, it was shown that effectiveness can 
be a design factor and not an indicator of usability (Bringula, 2016).

In another study, Zhang and Adipat (2005) proposed a list of usability attributes for mobile-
based applications. The attributes are learnability, efficiency, memorability, error, satisfaction, 
effectiveness, simplicity, readability, and learning performance. One of these attributes related to 
this study is effectiveness. Zhang and Adipat (2005) defined effectiveness as the completeness 
and accuracy of a mobile application with which users achieve certain goals. Arthur and Stevens 
(1992) defined completeness as a set of documentation where all required information was present. 
Furthermore, accuracy was defined as the degree to which the system is complete, timely, and free 
from errors (Arthur & Stevens, 1992; Yuniarto et al., 2018). Another attribute related to this study 
was satisfaction. Zhang and Adipat (2015) and ISO (1998) had the same definition of satisfaction.

In a similar study, Coursaris and Kim (2011) conducted a meta-analysis of 100 empirical mobile 
usability studies published from 2000 to 2010. They found more than 30 attributes investigated in 
mobile usability research. Three attributes were found to be relevant in this study: functionality, 
responsiveness, and aesthetics. According to McNamara and Kirakowski (2006), functionality is the 
assessment of the performance, reliability, and durability of a system. In a website study, performance 
refers to the overall user preference rating considering the loading speed of a webpage (Schmidt et 
al., 2009). In terms of reliability, it is the feeling that a product is dependable or fit to be trusted 
(Baharuddin et al., 2013). Responsiveness is a desired characteristic of mobile devices where they 
can perform well, especially during time-constraint service (Kleijnen et al., 2007). It also refers to the 
ability of the system or device to respond promptly to the actions invoked by users (Ho & Lee, 2007).

Aesthetically designed software is usable (Tractinsky, Katz, & Ikar, 2000). Aesthetics refers to 
the visual qualities of the interface (Lindgaard & Dudek, 2002). The effects of aesthetics on usability 
have been widely investigated in web and mobile application research. For example, Teoh et al. 
(2009) and Wells et al. (2011) disclosed that uniformity of design, appropriate graphics, organized 
patterns, good color combinations, and text were desirable qualities of a website. Aesthetics in terms 
of colors and graphics on a website were found to be significant predictors of commercial website 
quality (Wells et al., 2011). Similarly, color affects the usability of mobile applications. Silvennoinen, 
Vogel, and Kujala (2014) found that color improved the hedonic and pragmatic qualities of task- and 
entertainment-oriented applications. However, in the study by Tuch et al. (2012), aesthetics did not 
affect the perceived usability of online shopping. This discrepancy can be attributed to the age of the 
users (Djamasbi et al., 2011; Huang et al., 2017; Punchoojit, 2022).

Another usability indicator is the intention to reuse. The intention to reuse was the result of 
previous positive experiences with using a service or product (Nigam, 2012; Oliver, 1999). Alalwan 
(2020) used satisfaction and the intention to reuse as indicators of the usability of mobile food-
ordering apps. Alalwan (2020) found that online reviews, online ratings, online tracking, performance 
expectancy, hedonic motivation, and price value predicted e-satisfaction and continued intention to 
reuse. In another study, Kim et al. (2020) revealed that aesthetics and quality of service influenced 
guest satisfaction with smartphone applications. Satisfaction, in turn, influenced the intention to 
reuse the application.

Usability of Intelligent Agents
Different studies have reported on the usability of intelligent agents used in various areas. In the 
field of education, Mabanza and De Wet (2013) investigated the usability of pedagogical educational 
agents to assist adult learners in acquiring basic computer skills. Data from the control (i.e., traditional 
teaching methods) and experimental groups (i.e., participants who used a pedagogical agent) revealed 
that adult learners in the latter group performed better than the former.

Liang, Liang, and Tseng (2019) investigated the usability of an intelligent agent in e-commerce. 
The intelligent agent acted as a price negotiator for prospective buyers. The use of intelligent agents 
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reduced the effort required to collect buyer information, reduce transaction costs, and negotiate with 
sellers. User satisfaction and perceived fairness increased, while performance risk was reduced after 
using the intelligent agent. In another study, Bogers et al. (2019) gathered and analyzed the perceptions 
of 357 Danish-speaking respondents on the usability of intelligent personal agents (IPAs). They found 
IPAs usability issues that include reliability, poor voice recognition, unnatural dialogue responses, 
and the inability to support mixed-language speech recognition.

Ren et al. (2019) conducted a systematic mapping study on 19 usability articles on chatbots (a type 
of intelligent agent). They presented their findings in four categories: usability techniques, usability 
characteristics, research methods, and types of chatbots. Questionnaires (e.g., System Usability 
Scale and ad hoc), interviews, think-aloud sessions, direct observations, and cognitive walkthroughs 
were the most popular usability techniques employed. Ad hoc questionnaires are context-dependent 
questionnaires that are used to assess satisfaction. A field study was another method employed in 
usability studies (Duh et al., 2006). Ren et al. (2019) did not report a study that employed a field 
study method. Effectiveness, efficiency, and satisfaction were the primary usability characteristics 
investigated. This finding is consistent with the usability definition of ISO (1998).

Finally, Balsa et al. (2020) developed and evaluated an intelligent anthropomorphic virtual 
assistant to support older people with type 2 diabetes mellitus. The intelligent agent reminded users of 
their medications and lifestyle changes. Twenty people, who were purposively-selected, participated 
in the study. System Usability Scale (SUS) and qualitative responses were used to determine the 
usability of the intelligent agent. In terms of SUS, the system rating was between good and excellent. 
Both positive aspects and areas for improvement were identified through thematic analysis. The 
study recommended investigations of efficiency, effectiveness, and satisfaction as key attributes of 
usability for intelligent agents.

In the review of the literature by Ren et al. (2019) on the usability of chatbots, SUS was the 
most utilized survey instrument. The authors reported sixteen studies that utilized SUS. However, it 
could not reflect the actual strengths and weaknesses of the specific design features of the software. 
Brooke (2013), the developer of the instrument, pointed out this limitation. Moreover, there is a 
methodological limitation in the study of Ren et al. (2019). The chatbots investigated are not necessarily 
implemented in a school setting.

In the recent study by Federici et al. (2021), they evaluated the usability of a chatbot for eGLU-
Box Pro. This usability test is a web-based tool intended to assist Italian Public Administration 
practitioners in creating remote usability tests. The evaluation tool can also analyze the participants’ 
answers and interaction data after they complete usability tasks. Bio-behavioral evaluation methods 
(e.g., eye tracking, electroencephalography, and facial expression recognition) were employed to assess 
the users’ experience with the chatbot. The study revealed that the automatic usability assessment 
procedures had no significant effect on the quality of interaction in terms of the user experience 
except for emotions.

Studies investigating the factors that affect the usability of chatbots in a university setting 
remain elusive. Very few studies have investigated the usability of chatbots for university purposes. 
For instance, Von Wolff et al. (2020) evaluated the chatbot they developed for the acquisition of 
information at a German university. Von Wolff et al. (2020) distributed a questionnaire that contains 
three parts: (1) general questions about the participant, (2) questions about the current or previous 
procedure of the students to acquire information and their satisfaction with it; and (3) questions about 
their experience and valuation of chatbots as well as topics to support and issues to answer (e.g., 
“How would you rate the characteristics of a chatbot?”).

Two related mobile-based chatbots intended for university usage discussed their functionalities 
(Dibitonto et al., 2018; Patel et al., 2019). Dibitonto et al. (2018) presented their initial findings about 
the design and implementation of “LiSA” (Link Student Assistant). This chatbot can help students 
by providing information about a university, which includes enrollment, scholarships, opportunities, 
events, and schedules. Patel et al. (2019) investigated a web-based chatbot in a similar study. The study 
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by Patel et al. (2019) described the infrastructure and functionalities of their chatbot, called Unibot. 
Unibot contains information regarding departmental syllabus, events, admission procedure and fees, 
basic university details, class timetables, and important circulars. Similar to the study by Dibitonto 
et al. (2018), they did not evaluate the usability of the chatbots and did not determine which factors 
could influence the usability of their chatbots.

SyNTHeSIS, deFINITIoNS oF ReSeARCH 
VARIABLeS, ANd NULL HyPoTHeSeS

Two studies reported the capabilities of chatbots used in university settings (e.g., Dibitonto et al., 2018; 
Patel et al., 2019). The two studies did not investigate the factors that could influence the usability 
of the chatbots. This leaves a gap in the literature on how to develop a usable chatbot for a university 
setting. To address this gap, AskRed was developed. Moreover, a researcher-made instrument was 
used in this study to capture the nature and context of the use of the chatbot being investigated. 
Furthermore, the self-created instrument was used because the current study aims to identify which 
specific design-related factors of a chatbot could influence its usability.

Numerous variables can be considered in evaluating the usability of a system. Taking the nature 
of the software being investigated into account, only five design factors were considered in this study. 
One of the variables is accuracy. The ability of the chatbot to provide accurate results from students’ 
queries is a critical design component of the software. Students may not continue using the chatbot if 
the information provided to them is inaccurate. However, it is not enough for the chatbot to produce 
accurate results. The results must also provide answers that are complete, comprehensive, and up-
to-date. Therefore, completeness was another design factor considered.

Performance is another suitable criterion for evaluating AskRed to determine whether the system 
performs its intended function. The goal of the performance criterion is to determine whether the 
software can execute the inquiries via text or voice inputs. The results of the inquiries must be provided 
as promptly as possible. If the answer to the query is not in the database, the software must be able 
to direct users to the appropriate department for a response. This feature must be taken into account 
when designing a chatbot.

The last factor considered is aesthetics. Although there are competing findings on whether 
aesthetics could influence usability, this criterion is included in the chatbot considering the types 
of users (i.e., college students). College students are relatively young (16 to 20 years old). Thus, the 
aesthetic appeal of the software may influence the usability of the chatbot.

Satisfaction was chosen as a usability indicator for two reasons. First, due to the technical aspects 
of their devices, students may not be able to rate the efficiency of the system. Second, effectiveness 
has been considered a design consideration rather than the result of a usable system (Bringula, 2016). 
As a result, only the students’ satisfaction with the chatbot’s features was evaluated. Meanwhile, as 
Alalwan et al. (2020) point out, a satisfied user will use the software again. This study agreed with 
this finding and hypothesized that design factors might influence the reuse intentions of the students.

The synthesis of the related literature served as the basis for the selection of research variables 
for this study. The definitions and how the variables are adapted in this study were discussed below. 

The following are design-related factors:

1)  Accuracy – This was based on the studies of Arthur and Stevens (1992) and Yuniarto et al. 
(2018). It refers to the degree to which the system processes of the software are timely and free 
from errors. Only the complete component of accuracy was considered a distinct indicator of 
usability in this study.

2)  Aesthetics – This variable was adopted from the study of Lindgaard and Dudek (2002). 
Additionally, this study viewed aesthetics as a feeling of ease when using the software.
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3)  Completeness – This was adapted from Arthur and Stevens (1992) and operationally defined as 
the ability of the software to provide the requested information.

4)  Performance – The software can perform its intended functions and meet the user’s goals. This 
was adapted from Schmidt et al. (2009).

5)  Responsiveness – This variable was based on the definitions of Kleijnen et al. (2007), and Ho 
and Lee (2007).

Usability consisted of two indicators, namely:

1)  Satisfaction with use – This study adopted the definition of Zhang and Adipat (2015) and ISO 
(1998).

2)  Intention to reuse – The concept of intention to reuse was adapted from Alalwan (2020), Nigam 
(2012), and Oliver (1999). It refers to the user’s feeling about using again the software.

This study tested two null hypotheses:

H0a: Design-related factors do not influence the usability of the software in terms of satisfaction.
H0b: Design-related factors do not influence the usability of the software in terms of intention to reuse.

The AskRed Architecture
Based on the literature review, there are a plethora of studies advocating usability and system design 
considerations. Performance, accuracy, responsiveness, aesthetics, and completeness were purposively 
selected as design considerations for AskRed. They were selected because they were deemed appropriate 
for the development of AskRed. This section describes the software and the knowledge database.

Software Description
AskRed can provide information related to the university. The information about the university is 
categorized into 22 areas (e.g., admission requirements and procedures, enrollment/registration 
requirements and procedures, school fees, etc.). These areas were based on the initial study by Lizaso 
et al. (2016). The content of AskRed is more comprehensive than the existing studies (e.g., Dibitonto 
et al., 2018; Patel et al., 2019) and extends the use case of chatbots (Hussain, 2018).

A user may input a text or voice query or command in English into the system (Table 1). An 
automatic speech recognition system converts the voice input query into a text format (Figure 1). The 
Google Voice-to-Speech API is utilized to convert voice to text (Hinton et al., 2012). Afterward, all 
textual inputs are then fed into the Query Classifier (QC). The QC analyzes the parsed texts. The parsed 
texts are then analyzed in the Question-Answering module. In this module, the parsed texts are used 
to search for answers in the database. The Question-Answering module is based on the OpenEphyra 
framework (Ferrucci et al., 2010; Figure 2). If the answer is not in the knowledge database, the 
question is sent to the knowledge expert. A knowledge expert is any authorized university employee. 
For example, if the question pertains to an examination schedule, it will be sent to the Office of the 
Registrar. The response of the knowledge expert is then saved to the knowledge database, and the 
answer is sent to the student. A sample input-output interface is shown in Figure 3.

Knowledge Database
An initial survey was conducted to build the initial knowledge database of AskRed (Lizaso et al., 
2016). The survey was conducted using a self-administered questionnaire using Google Forms. The 
survey form was distributed to the different official Facebook groups of the different colleges of the 
university. Four hundred students answered the Google Forms. Respondents were asked to rate the 
importance of the information relating to university services (e.g., admission procedures, enrollment 
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procedures, etc.). A five-point Likert scale was used to answer the items of the survey form, where 1 
(not important) denoted the most negative response and 5 (very important) denoted the most positive. 
Based on the survey, the top five important pieces of information were related to school policies 
and regulations, scholarships, examination dates, on-the-job training and graduation information, 

Figure 1. 
AskRed’s framework

Table 1. 
Types of inputs

Types of Inputs Sample Inputs Process Action

Voice command “Show me the school policies.” Automatic Speech Recognition (ASR) Execution of Action

Voice query “When is the final exam?” ASR and Question-Answering (QA) Best answer from QA

Text command “Display the scholarship requirements.” Natural Language Process (NLP) Execution of Action

Text query “Are classes already suspended today?” NLP and QA Best answer from QA

Figure 2. 
OpenEphyra question-answering (QA) framework
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enrollment/registration requirements and procedures, and class suspensions and holidays. In addition, 
general information about the university (e.g., its history and administration officials) was included 
in the knowledge database. The pieces of information on these categories were collected from the 
different departments or official records (e.g., student manual) and manually encoded in the system.

MeTHodoLoGy

The Research design, Locale, Sample Size, Sampling design, and Participants
This quantitative-descriptive study evaluated the design-related factors of the software and determined 
whether these factors influenced the usability of the software (Bogers et al., 2019). The software 
was utilized at one university in Manila, which served as the research locale for the study. Using 
Soper’s calculator with the following parameters: effect size = 0.15, power level = 0.80, number of 
predictors = 5, probability level = 0.05, the minimum sample size of 91 was computed (Soper, 2021). 
Twenty participants were selected from each of the six colleges at the university. Participants were 
selected through convenience sampling. They were chosen through their classroom assignments. 
The classrooms were written on a piece of paper and randomly selected. The researchers visited 
the classroom and requested that the students (that is, the participants) participate in the study. The 
participation of the students was entirely voluntary. The participants did not receive any incentives or 
demerits. One hundred students participated in the study. The data collected from the 100 participants 
was used in the study. Respondents to the study were mostly male (54%) and third-year students 
(40%). The average age of the participants was 18.8 years. The number of students who were invited 
and participated in the study is shown in Table 2.

The Research Instrument
A self-made survey form was the research instrument (Ren et al., 2019). Google Forms was used in 
the construction and distribution of the survey. The survey form has three parts. The first part collected 
the demographics of the students in terms of age, year level, and gender. The second part measured the 
design-related factors of the software in terms of completeness, performance, accuracy, aesthetics, and 

Figure 3. 
Sample inquiry and result
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responsiveness. The third part measured the usability of the software through satisfaction and intention of 
reuse. In this study, the intention to reuse was considered a component of the usability indicator. A five-point 
Likert scale was utilized to answer the items in the second and third parts of the survey form (Table 3).

A faculty member with usability research experience and an information technology practitioner 
validated the content of the survey form (Balsa et al., 2020). They also served as expert evaluators. 
Furthermore, the survey form was pilot-tested with 40 respondents. The pilot testers were also 
students at the university but not part of the actual survey. Factor analysis revealed that the factors 
were valid (factor loading ≥ 0.50) (Pallant, 2001). An item is said to be highly loaded to a factor if 
its factor loading is at least 0.40 (Pituch & Stevens, 2016). Cronbach’s alpha analysis disclosed that 
all items were acceptable (α ≥ 0.45) (Taber, 2018). A lower Cronbach alpha value was used because 
there is not yet an established questionnaire for intelligent agents employed in an academic setting. 
Moreover, low levels of alpha may still be useful depending on the context of the study (Hair et al., 
2016). For usability studies, low levels of Cronbach’s alpha values are acceptable (Schrepp, 2020). 
This is because the selected variables were deemed to have practical contributions to explaining 
the usability of the intelligent agent employed in an educational setting (Schrepp, 2020). This is 
consistent with the study of Schmitt (1996), which indicated that there is no agreed-upon level of 
acceptable (or unacceptable) level of alpha value. The items, factor loadings, and Cronbach’s alpha 
of the survey form are shown in Table 4. The variable inflation factor (VIF) was used to detect the 
multicollinearity of the factors. All VIFs were less than the threshold value of 10, indicating that all 
factors were independent of one another (Hair et al., 1995).

data Gathering Procedure
The students used the software for five consecutive days. They used the software at their convenience. 
This was done to simulate an authentic setting, that is, a point in time and place when a student requires 

Table 2. 
Survey form distributed, returned, and return rate

College Invited Participated Participation Rate

College 1 20 20 100

College 2 20 20 100

College 3 20 20 100

College 4 20 20 100

College 5 20 5 25

College 6 20 15 60

Average - - 81%

Table 3. 
Five-point likert scale

Scale Mean Range Verbal Interpretation

1 1.00 – 1.50 Strongly disagree

2 1.51 – 2.50 Disagree

3 2.50 – 3.50 Moderately agree

4 3.51 – 4.50 Agree

5 4.51 – 5.00 Strongly agree
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Table 4. 
Design-related factors and usability of AskRed

Design-Related Factors Factor Loading

Performance: α = 0.788

1 My voice is translated into the text immediately. 0.636

2 The software gives responses to the questions quickly. 0.835

3 Overall, the software performs all of its intended functions. 0.852

21 It saves time when looking for specific information. 0.683

22 Save time when looking for answers in a rush situation. 0.812

23 The software increases my knowledge about the university. 0.638

24 The software increases access to reliable/trusted offices/departments. 0.810

25 The software saves effort in looking for specific information. 0.598

26 The software gives ease of access to information. 0.757

Accuracy: α = 0.773

4 The questions are answered accurately. 0.790

5 My voice is translated into text correctly. 0.798

6 The software answers the questions correctly. 0.813

7 The information given is correct. 0.688

Responsiveness: α = 0.465

10 The agent provides user feedback even though it does not know the answer. 0.827

11 The agent provides a mechanism to redirect the question to the respective department. 0.619

12 The software has a way of notifying the user of the answer to the pending question. 0.664

Aesthetics: α = 0.831

14 The software presents a visually attractive user interface. 0.782

15 The software is easy to use. 0.907

16 Colors do not strain the eyes. 0.686

17 The software has a responsive front-end design. 0.878

18 The fonts used in the software are legible. 0.913

19 The overall design is appealing and consistent. 0.809

Completeness: α = 0.740

30 The software can answer questions completely. 0.693

31 The online resources are comprehensive. 0.904

32 The information provided by the software is up-to-date. 0.823

Intention to Re-Use: α = 0.729

28 I am looking forward to using again the system. 0.894

29 There is a high probability that I will use again the system. 0.894

Satisfaction with Use: α = 0.488

20 I recommend using this software to other students. 0.820

27 I am satisfied with the services provided by the software. 0.820
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information and the software is the only source (or provider) of information available. They were 
requested to create an account within the software using their smartphones. An orientation on the 
use of the software was provided. In the orientation, students were given an overview of the software 
and its functionalities. They were asked to use text and voice search commands. Five sample queries 
were given (see Table 1 and Figure 3). They were also instructed to provide their queries to test the 
capability of the software. After using the software for five consecutive days, the students rated it 
using the survey form. The survey form was automatically sent to their accounts once they completed 
the five-day testing. Participants need to complete at least five queries (one query per day) before the 
survey forms automatically open.

The software was also subjected to experts’ evaluation. In this process, the expert evaluators 
used and analyzed the software for at least an hour. They provided textual feedback regarding the 
software using the same criteria for design-related factors. Their consensus comments were written 
on a piece of paper. One of the researchers analyzed the comments, categorized them, and labeled 
them. The result of this process was presented to the group members. The labels were revised until 
a consensus was reached.

Statistical Treatment of data
Frequency counts, means, and standard deviations were used to describe the data. Multiple regression 
analysis was employed to determine which of the design-related factors influenced the usability of 
the software. A 0.05 level of significance was used as a threshold value to determine the significant 
predictors of the usability of the software.

ReSULTS

design-Related Factors and Usability of AskRed
Completeness had the highest mean rating of all design-related factors (Table 5). Meanwhile, the 
aesthetic component had the lowest mean rating. Nevertheless, the respondents agreed that the software 
was developed based on design-related factors. The respondents were satisfied with the use of the 
software. There was a desire to use the software again. The standard deviations were less than one, 
implying the ratings were not widely dispersed.

Table 6 shows the qualitative experts’ evaluation of the software. The software can still be 
improved in the areas of security, performance, ease of use, completeness, and platform. In terms of 
security, the evaluators agreed that only officially enrolled students should have authorized access to 
the software. Another security consideration was the display of relevant office information for students. 

Table 5. 
Mean rating on design-related factors and usability of AskRed

Design-Related Factors Mean sd Verbal Interpretation

Performance 4.27 0.63 Agree

Accuracy 4.28 0.71 Agree

Responsiveness 4.09 0.67 Agree

Aesthetics 4.06 0.74 Agree

Completeness 4.34 0.72 Agree

Usability

Satisfaction with Use 4.29 0.74 Agree

Intention to Re-use 4.34 0.75 Agree
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For example, a payroll department does not have relevant information for students’ information 
needs. Another comment involved notifying the students that the knowledge experts had responded 
to their pending questions. The ease of use emerged from the comments. It refers to the inclusion of 
a category on a list of frequently asked questions.

Regression of AskRed Usability on design-Related Factors
Four of the five design-related factors were significant predictors of satisfaction (Table 7). Performance 
was the strongest predictor of satisfaction. Responsiveness had a negative influence on satisfaction. A 
one-unit increase in responsiveness will have a 0.201 standard deviation decrease in satisfaction. The 
three significant predictors were able to explain 73% (Adj. R2 = 0.73) of the variation in satisfaction. 
The result of the regression analysis was unlikely to have arisen from the sampling error (F-value 
= 53.881, p-value < 0.05). Accuracy was not a significant predictor of satisfaction. Hence, the first 
null hypothesis is partially rejected.

Table 8 displays the results of a multiple regression analysis of the intention to reuse on design-
related factors. Performance and completeness were significant predictors of the intention to re-use 
the software. The strongest predictor of intention to reuse was completeness. More than 50% (Adj. 
R2 = 0.58) of the variation in intention to reuse the software was attributed to the performance and 
completeness of the software. The results of the regression analysis were unlikely due to sampling 
error (F-value = 28.732, p < 0.05). Accuracy, responsiveness, and aesthetics were not significant 
predictors of intention to reuse. Hence, the second null hypothesis is partially rejected.

Table 7. 
Regression of AskRed usability in terms of satisfaction with the use of design-related factors

Design-Related Factors Beta p-value

Performance 0.629 0.000

Accuracy -0.098 0.219

Responsiveness -0.201 0.009

Aesthetics 0.235 0.003

Completeness 0.320 0.000

Adj. R2 = 0.73
F(5,94) = 53.881, p < 0.05

Table 6. 
Comments from expert evaluators

Criteria Comments

Security

• “Only officially enrolled students should have access to the software.” 
• “Only offices directly related to the needs of students should be provided.” 
• “Provide an information kiosk within the campus.” 
• “Provide different layers of users: students, parents, and guests. This will add security to the system.” 
• “Generate a one-time password as an added security feature.”

Performance • “Provide notifications for responses received from knowledge experts.”

Ease of Use • “Make a list of frequently asked questions.” 
• “Classify the data gathered from experts and display it appropriately.”

Completeness • “Consider guest users, such as parents and prospective enrollees, in the system in future research.”
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dISCUSSIoN

This study determined the usability of a mobile-based intelligent agent named AskRed. Furthermore, 
this study established whether design-related factors predicted the usability of AskRed. As shown 
in Table 3, completeness received the highest mean rating, while aesthetics received the lowest (but 
still acceptable) rating. This finding reflects the ability of the software to answer the questions of the 
students completely. The software provided a pleasant user experience. Similarly, the accuracy aspect 
of the software received a favorable rating. The positive ratings on completeness and accuracy can 
be attributed to the comprehensive and up-to-date knowledge database of the software.

The initial survey is found to be a helpful step in the development of the knowledge database. 
Therefore, an initial survey of students is a necessary step to ensure a comprehensive and accurate 
knowledge domain for a university-based intelligent agent. In addition, the acceptable rating of the 
software can be attributed to the ability of the software to update its knowledge. The software allows 
knowledge experts to input information that is not yet included in the knowledge database. This 
mechanism builds the knowledge of the intelligent agent, which, in turn, boosts its performance and 
responsive qualities.

The usability of the software received positive feedback from the respondents. Both satisfaction 
and the intention to reuse were positively rated. The respondents are pleased with the capabilities of 
the software, and they are willing to recommend it to their fellow students. Similarly, they agree that 
they will again use the software. However, there are comments from the software evaluators that are 
worth noting. The evaluators emphasized improving the software in relation to security, performance, 
completeness, and ease of use. Email notification, an item of performance design consideration, was 
also raised in the evaluation. Despite these drawbacks, the software received an overall favorable rating.

Multiple regression analysis explains the relationship between design-related factors and 
the usability of the software. Performance, aesthetics, and completeness had a positive effect on 
satisfaction. Performance is the strongest predictor of satisfaction. This finding not only confirms 
prior studies (McNamara & Kirakowski, 2006; Schmidt et al., 2009), but also shows that the best 
predictor of the usability of information-provider software like AskRed lies in its ability to perform 
its intended functions. Additionally, the completeness of the information could also influence the 
satisfaction of the software, thereby confirming the study of Zhang and Adipat (2005). Together 
with conformance to the intended performance and complete features of the software, it is equally 
important to design the software with visual appeal. This finding is in agreement with the studies of 
Tractinsky et al. (2000) and Silvennoinen et al. (2014).

Meanwhile, responsiveness is the only significant predictor with a negative impact on satisfaction. 
It contradicts the studies of Ho and Lee (2007) and Kleijnen et al. (2007). The negative impact of 
responsiveness and the contradiction of the results with existing studies can be attributed to the context 

Table 8. 
Regression of AskRed usability in terms of intention to re-use on design-related factors

Predictors Beta p-value

Performance 0.346 0.005

Accuracy -0.085 0.387

Responsiveness -0.089 0.342

Aesthetics 0.137 0.155

Completeness 0.520 0.000

Adj. R2 = 0.58
F(5,94) = 28.732, p < 0.05
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of the software. Even if the information is not readily available in the knowledge database, the software 
can respond to the students’ queries. For example, responses include informing the students that the 
software has no available answer yet (that is, a “do not know” response) and that their inquiries will 
be forwarded to the respective department (that is, a “redirecting” response). These responses are 
not helpful, as they are indications that the information needs of the students are not being met and 
that the desired information is not being provided instantly.

Equally important are the results of the regression analysis of the intention to reuse the software 
on design-related factors. Performance and completeness had a positive influence on the intention to 
reuse. In this regression result, completeness is a stronger predictor than performance. Apart from this, 
aesthetics is no longer a contributing factor to the intention to reuse the software. This is consistent 
with the prior work of Tuch et al. (2012).

The study did not provide empirical evidence on the relationship between the accuracy and 
usability of the software. The importance of accuracy in the design of intelligent agents cannot be 
dismissed outright. Accuracy might have an indirect impact on usability. Therefore, other statistical 
tests (e.g., Kim et al., 2020) can be employed to uncover this unexplored relationship.

The regression results offer vivid contributions to intelligent agent usability studies and 
development. First, the usability of intelligent agents tends to decrease when they fail to provide 
definite and instant information. To avoid this pitfall, intelligent agent developers are encouraged to 
make the knowledge database of intelligent agents comprehensive. However, it is not suggested to 
exclude the “do not know” or “redirect” responses of intelligent agents since, at the very least, they 
provide feedback on the query. Instead, it is suggested to limit the chances of experiencing these 
responses. Strengthening the completeness of the knowledge database of the software can address 
this design issue.

The second contribution of the paper is the identification of predictors of the usability of intelligent 
agents employed in the context of a university setting. Previous studies (e.g., Dibitonto et al., 2018; 
Patel et al., 2019) reported the development of chatbots in a university setting but did not evaluate 
the impact of the design features on the usability of the chatbots. In this study, it was found that both 
performance and completeness are consistent predictors of satisfaction and intention to reuse, but to 
varying degrees. Performance is the primary predictor of satisfaction. On the other hand, completeness 
is the strongest predictor of intention to reuse. Therefore, intelligent agent developers should focus 
on both design considerations for intelligent agents. From a theoretical perspective, the use of both 
variables as indicators of usability is encouraged. Multiple usability indicators are needed to have a 
better understanding of the usability of an intelligent agent.

Another contribution of the paper is the need to extend the use cases of campus chatbots proposed 
by Hussain (2018). This study, along with the studies of Dibitonto et al. (2018) and Patel et al. (2019), 
confirms that chatbots are indeed information providers. To become a dependable information provider, 
a comprehensive database of answers should be incorporated into the system.

Lastly, this study clarifies the conflicting pieces of evidence on the effects of aesthetics on 
usability. In the context of the usability of intelligent agents, satisfaction depends on the aesthetic 
components of the intelligent agent. On the one hand, the intention to reuse is not dependent on this 
factor. In other words, depending on whether the usability dimension is measured, aesthetics can (or 
cannot) influence the usability of the software.

LIMITATIoNS

This research is subject to several limitations. The first limitation is the selection of independent 
variables. The predictive powers of the two sets of predictors are 58% and 73%. These imply that other 
variables not included in this study may increase the predictive power of predictors. The usability 
attributes listed by Zhang and Adipat (2005) may be considered in future studies. Another limitation 
is the statistical tool used in the study. Other statistical tests may establish the relationship between 
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the accuracy and usability of an intelligent agent. Researchers are therefore advised to explore other 
statistical tests in future usability studies on intelligent agents in a university setting.

CoNCLUSIoN, ReCoMMeNdATIoNS, ANd FUTURe woRKS

This study evaluated the design-related factors and usability of a mobile-based intelligent agent for 
university services named AskRed. Based on the findings of the study, the software received favorable 
ratings. Therefore, the software was designed based on design-related factors. In addition, multiple 
indicators of usability are needed to have a full picture of the usability of intelligent agents. Conflicting 
results regarding the influence of aesthetics on usability are clarified in this study, i.e., it may or may 
not influence usability depending on what indicators of usability were measured.

As the consistent and strongest predictors of usability indicators, performance and completeness 
should be the topmost design factors in the development of intelligent agents for university-related 
services. Negative responses (e.g., “do not know” and “redirect” feedback) are important design aspects 
of the software. However, the chances of experiencing these forms of feedback should be minimized 
to maintain the acceptable usability status of the software. Strengthening the comprehensiveness of 
the knowledge database through an initial survey can address this issue.

The findings of the study inform chatbot developers that the usability of chatbots intended 
for university services is influenced by specific design factors (e.g., performance, responsiveness, 
aesthetics, and completeness). Other design features, such as security and ease of use, may also be 
considered. Therefore, when developing chatbots, the survey instrument in this study could serve as 
a guideline in the development of other mobile-based chatbots for university settings. Furthermore, 
chatbot developers are informed that other variables not considered in the study (e.g., security and 
ease of use) could increase the usability of the chatbot.

Future work may address the limitations of the study. Language input is one design limitation of 
the software. The software can only accept inputs based on the English language. Future research may 
develop an intelligent agent capable of accepting voice or text inputs based on their native language 
(Bogers et al., 2019). Expert evaluators’ design considerations may be incorporated in future designs 
of intelligent agents for a university setting. Other usability tests and analyses are also encouraged 
(Balsa et al., 2020; Ren et al., 2019). For example, future studies may collect interface-interaction 
data and analyze this data accordingly. Lastly, an examination of the relationship between accuracy 
and usability indicators using path analysis is encouraged.

ACKNowLedGMeNTS

The authors are indebted to the participants of the study and the two expert evaluators. This paper is 
partly funded by the authors’ affiliation.



International Journal of Mobile Human Computer Interaction
Volume 15 • Issue 1

16

ReFeReNCeS

Alalwan, A. A. (2020). Mobile food ordering apps: An empirical study of the factors affecting customer 
e-satisfaction and continued intention to reuse. International Journal of Information Management, 50, 28–44. 
doi:10.1016/j.ijinfomgt.2019.04.008

Arthur, J. D., & Stevens, K. T. (1992). Document quality indicators: A framework for assessing documentation 
adequacy. Journal of Software Maintenance: Research and Practice, 4(3), 129–142. doi:10.1002/smr.4360040303

Baharuddin, R., Singh, D., & Razali, R. (2013). Usability dimensions for mobile applications-a review. Research 
Journal of Applied Sciences, Engineering and Technology, 5(6), 2225–2231. doi:10.19026/rjaset.5.4776

Balsa, J., Félix, I., Cláudio, A. P., Carmo, M. B., Guerreiro, A., Guedes, M., & Guerreiro, M. P. (2020). Usability 
of an intelligent virtual assistant for promoting behavior change and self-care in older people with type 2 diabetes. 
Journal of Medical Systems, 44(7), 1–12. doi:10.1007/s10916-020-01583-w PMID:32533367

Baylor, A. (2000). Beyond butlers: Intelligent agents as mentors. Journal of Educational Computing Research, 
22(4), 373–382. doi:10.2190/1EBD-G126-TFCY-A3K6

Bendici, R. (2018). Rise of the machines: Artificial intelligence—led by text-based chatbots—has infiltrated 
campus life, helping institutions improve communication, compliance, and retention. University Business, 
21(10), 53–55.

Bogers, T., Al-Basri, A. A. A., Rytlig, C. O., Møller, M. E. B., Rasmussen, M. J., Michelsen, N. K. B., & Jørgensen, 
S. G. (2019). A study of usage and usability of intelligent personal assistants in Denmark. In International 
Conference on Information (pp. 79-90). Springer, Cham. doi:10.1007/978-3-030-15742-5_7

Bringula, R. P. (2016). Factors affecting web portal information services usability: A canonical correlation 
analysis. International Journal of Human-Computer Interaction, 32(10), 814–826. doi:10.1080/10447318.20
16.1199180

Brooke, J. (2013). SUS: A retrospective. Journal of Usability Studies, 8(2), 29–40.

Coursaris, C. K., & Kim, D. J. (2011). A meta-analytical review of empirical mobile usability studies. Journal 
of Usability Studies, 6(3), 117–171.

Dibitonto, M., Leszczynska, K., Tazzi, F., & Medaglia, C. M. (2018, July). Chatbot in a campus environment: 
design of LiSA, a virtual assistant to help students in their university life. In International conference on human-
computer interaction (pp. 103-116). Springer, Cham. doi:10.1007/978-3-319-91250-9_9

Djamasbi, S., Siegel, M., Skorinko, J., & Tullis, T. (2011). Online viewing and aesthetic preferences of generation 
y and the baby boom generation: Testing user website experience through eye tracking. International Journal 
of Electronic Commerce, 15(4), 121–158. doi:10.2753/JEC1086-4415150404

Duh, H. B. L., Tan, G. C., & Chen, V. H. H. (2006). Usability evaluation for mobile device: a comparison of 
laboratory and field tests. In M. Nieminen, & M. Roykkee (Eds.) Proceedings of the 8th conference on Human-
computer interaction with mobile devices and services, (pp. 181-186). ACM. doi:10.1145/1152215.1152254

Federici, S., Mele, M. L., Bracalenti, M., De Filippis, M. L., Lanzilotti, R., Desolda, G., & Simonetti, E. (2021, 
July). A chatbot solution for eGLU-Box Pro: the usability evaluation platform for Italian public administrations. 
In International Conference on Human-Computer Interaction (pp. 268-279). Springer, Cham. doi:10.1007/978-
3-030-78462-1_20

Ferrucci, D., Brown, E., Chu-Carroll, J., Fan, J., Gondek, D., Kalyanpur, A. A., Lally, A., William Murdock, J., 
Nyberg, E., Prager, J., Schlaefer, N., & Welty, C. (2010). Building Watson: An overview of the DeepQA project. 
AI Magazine, 31(3), 59–79. doi:10.1609/aimag.v31i3.2303

Granic, A., Mitrovic, I., & Marangunic, N. (2011). Exploring the usability of web portals: A Croatian case 
study. International Journal of Information Management, 31(4), 339–349. doi:10.1016/j.ijinfomgt.2010.11.001

Hair, J. F. Jr, Anderson, R. E., Tatham, R. L., & Black, W. C. (1995). Multivariate Data Analysis (3rd ed.). 
Macmillan.

http://dx.doi.org/10.1016/j.ijinfomgt.2019.04.008
http://dx.doi.org/10.1002/smr.4360040303
http://dx.doi.org/10.19026/rjaset.5.4776
http://dx.doi.org/10.1007/s10916-020-01583-w
http://www.ncbi.nlm.nih.gov/pubmed/32533367
http://dx.doi.org/10.2190/1EBD-G126-TFCY-A3K6
http://dx.doi.org/10.1007/978-3-030-15742-5_7
http://dx.doi.org/10.1080/10447318.2016.1199180
http://dx.doi.org/10.1080/10447318.2016.1199180
http://dx.doi.org/10.1007/978-3-319-91250-9_9
http://dx.doi.org/10.2753/JEC1086-4415150404
http://dx.doi.org/10.1145/1152215.1152254
http://dx.doi.org/10.1007/978-3-030-78462-1_20
http://dx.doi.org/10.1007/978-3-030-78462-1_20
http://dx.doi.org/10.1609/aimag.v31i3.2303
http://dx.doi.org/10.1016/j.ijinfomgt.2010.11.001


International Journal of Mobile Human Computer Interaction
Volume 15 • Issue 1

17

Hair, J. F., Celsi, M., Money, A., Samouel, P., & Page, M. (2016). Essentials Of Business Research Methods. 
Routledge.

Haynes, S. R., Cohen, M. A., & Ritter, F. E. (2009). Designs for explaining intelligent agents. International 
Journal of Human-Computer Studies, 67(1), 90–110. doi:10.1016/j.ijhcs.2008.09.008

Ho, C.-I., & Lee, Y.-L. (2007). The development of an e-travel service quality scale. Tourism Management, 
28(6), 1434–1449. doi:10.1016/j.tourman.2006.12.002

Huang, D., Li, Z., Mou, J., & Liu, X. (2017). Effects of flow on young Chinese consumers’ purchase intention: 
A study of e-servicescape in hotel booking context. Information Technology & Tourism, 17(2), 203–228. 
doi:10.1007/s40558-016-0073-0

Hussain, A. (2013). Personal smart assistant for digital media and advertisement (unpublished manuscript). 
Western University, Ontario, Canada. https://ir.lib.uwo.ca/etd/1132

Hussain, A. (2018). 5 use cases for a campus chatbot. http://www.aftabhussain.com/chatbot_uses.html (accessed 
15 January 2021)

International Standard Organization (ISO). (1998). ISO 9241-11: Ergonomic requirements for office work 
with Visual Display Terminals (VDTs): Guidance on usability specification and measures (Part 11). Geneva, 
Switzerland: International Standard Organization. https://www.iso.org/iso/catalogue_detail.htm?csnumber=16883

Janssen, A., Grützner, L., & Breitner, M. H. (2021). Why do chatbots fail? A critical success factors analysis 
[Paper Presentation]. International Conference on Information Systems (ICIS) 2021, Texas, USA.

Kim, H., Kang, S., Song, C., & Lee, M. J. (2020). How hotel smartphone applications affect guest satisfaction in 
applications and re-use intention? An experiential value approach. Journal of Quality Assurance in Hospitality 
& Tourism, 21(2), 209–233. doi:10.1080/1528008X.2019.1653242

Kleijnen, M., De Ruyter, K., & Wetzels, M. (2007). An assessment of value creation in mobile service delivery and 
the moderating role of time consciousness. Journal of Retailing, 83(1), 33–46. doi:10.1016/j.jretai.2006.10.004

Lee, K., Jo, J., Kim, J., & Kang, Y. (2019). Can chatbots help reduce the workload of administrative officers?-
implementing and deploying FAQ chatbot service in a university. In International Conference on Human-
Computer Interaction (pp. 348-354). Springer, Cham. doi:10.1007/978-3-030-23522-2_45

Li, X. (2007). Intelligent agent–supported online education. Decision Sciences Journal of Innovative Education, 
5(2), 311–331. doi:10.1111/j.1540-4609.2007.00143.x

Liang, C. C., Liang, W. Y., & Tseng, T. L. (2019). Evaluation of intelligent agents in consumer-to-business 
e-commerce. Computer Standards & Interfaces, 65, 122–131. doi:10.1016/j.csi.2019.03.002

Lindgaard, G., & Dudek, C. (2002, August). User satisfaction, aesthetics, and usability. In IFIP World Computer 
Congress, TC 13 (pp. 231-246). Springer, Boston, MA.

Liu, G. (2011). The application of intelligent agents in libraries: A survey. Program, 45(1), 78–97. 
doi:10.1108/00330331111107411

Lizaso, J. R. D., Jose, J. K. L., & Lardizabal, A. T. (2016). The Degree of Importance of the Frequently Asked 
Questions (FAQs) about UE: Evidence from the University of the East (unpublished manuscript). University of 
the East, Philippines.

Mabanza, N., & De Wet, L. (2014). Determining the usability effect of pedagogical interface agents on adult 
computer literacy training. In E-Learning Paradigms and Applications (pp. 145–183). Springer. doi:10.1007/978-
3-642-41965-2_6

McNamara, N., & Kirakowski, J. (2006). Functionality, usability, and user experience. Interactions (New York, 
N.Y.), 13(6), 26–28. doi:10.1145/1167948.1167972

Nigam, D. (2012). Modeling relationship between experiential marketing, experiential value, and purchase 
intentions in organized quick service chain restaurants’ shoppers using structural equation modeling approach. 
Paradigm, 61(1), 70–79. doi:10.1177/0971890720120108

http://dx.doi.org/10.1016/j.ijhcs.2008.09.008
http://dx.doi.org/10.1016/j.tourman.2006.12.002
http://dx.doi.org/10.1007/s40558-016-0073-0
https://ir.lib.uwo.ca/etd/1132
http://www.aftabhussain.com/chatbot_uses.html
https://www.iso.org/iso/catalogue_detail.htm?csnumber=16883
http://dx.doi.org/10.1080/1528008X.2019.1653242
http://dx.doi.org/10.1016/j.jretai.2006.10.004
http://dx.doi.org/10.1007/978-3-030-23522-2_45
http://dx.doi.org/10.1111/j.1540-4609.2007.00143.x
http://dx.doi.org/10.1016/j.csi.2019.03.002
http://dx.doi.org/10.1108/00330331111107411
http://dx.doi.org/10.1007/978-3-642-41965-2_6
http://dx.doi.org/10.1007/978-3-642-41965-2_6
http://dx.doi.org/10.1145/1167948.1167972
http://dx.doi.org/10.1177/0971890720120108


International Journal of Mobile Human Computer Interaction
Volume 15 • Issue 1

18

Njenga, S., Oboko, R., & Omwenga, E. (2018). Use of Intelligent Agents to Facilitate Group Learner Participation 
in Collaborative mLearning. International Journal of Computing Sciences Research, 2(1), 36–54. doi:10.25147/
ijcsr.2017.001.1.23

Oliver, R. L. (1999). Value as excellence in the consumption excellence. Routledge.

Pallant, J. (2001). SPSS survival manual: A step-by-step guide to data analysis using SPSS for Windows version 
10. Open University Press.

Patel, N. P., Parikh, D. R., Patel, D. A., & Patel, R. R. (2019, June). AI and web-based human-like interactive 
university chatbot (UNIBOT). In 2019 3rd international conference on electronics, communication and aerospace 
technology (ICECA) (pp. 148-150). IEEE.

Pituch, K. A., & Stevens, J. P. (2016). Applied multivariate statistics for the social sciences: Analyses with SAS 
and IBM’s SPSS. Routledge.

Punchoojit, L. (2022). A Correlation Study of Demographic Characteristics and Smartphone Task Performance: A 
Comparison Between Younger and Elderly Users. [IJMHCI]. International Journal of Mobile Human Computer 
Interaction, 14(1), 1–18. doi:10.4018/IJMHCI.313026

Ren, R., Castro, J. W., Acuña, S. T., & De Lara, J. (2019). Evaluation techniques for chatbot usability: a systematic 
mapping study. International Journal of Software Engineering and Knowledge Engineering, 29(11n12), 1673-
1702.

Scheller, T., & Kühn, E. (2015). Automated measurement of API usability: The API concepts framework. 
Information and Software Technology, 61, 145–162. doi:10.1016/j.infsof.2015.01.009

Schmidt, K. E., Liu, Y., & Sridharan, S. (2009). Webpage aesthetics, performance, and usability: Design variables 
and their effects. Ergonomics, 52(6), 631–643. doi:10.1080/00140130802558995 PMID:19479580

Schmitt, N. (1996). Uses and abuses of coefficient alpha. Psychological Assessment, 8(4), 350–353. 
doi:10.1037/1040-3590.8.4.350

Schrepp, M. (2020). On the usage of Cronbach’s alpha to measure reliability of UX scales. Journal of Usability 
Studies, 15(4), 247–258.

Seeman, E. D., & O’Hara, M. (2006). Customer relationship management in higher education: Using information 
systems to improve the student‐school relationship. Campus-Wide Information Systems, 12(4), 131–146. 
doi:10.1108/10650740610639714

Shumanov, M., & Johnson, L. (2021). Making conversations with chatbots more personalized. Computers in 
Human Behavior, 117, 106627. doi:10.1016/j.chb.2020.106627

Silvennoinen, J., Vogel, M., & Kujala, S. (2014). Experiencing visual usability and aesthetics in two mobile 
application contexts. Journal of Usability Studies, 10(1). https://uxpajournal.org/wp-content/uploads/sites/8/
pdf/JUS_Silvennoinen_Nov2014.pdf

Sindhuja, P. N., & Dastidar, S. G. (2009). Impact of the factors influencing website usability on user satisfaction. 
IUP Journal of Management Research, 8(12), 54–66.

Soper, D. (2021). A-priori Sample Size Calculator for Multiple Regression. Daniel Soper. https://www.danielsoper.
com/statcalc/calculator.aspx?id=1

Taber, K. S. (2018). The use of Cronbach’s alpha when developing and reporting research instruments in science 
education. Research in Science Education, 48(6), 1273–1296. doi:10.1007/s11165-016-9602-2

Talley, N. B. (2016). Imagining the use of intelligent agents and artificial intelligence in academic law libraries. 
Law Library Journal, 108, 383–401.

Teoh, K. K., Ong, T. S., Lim, P. W., Liong, R. P., & Yap, C. Y. (2009). Explorations on web usability. American 
Journal of Applied Sciences, 6(3), 424–429. doi:10.3844/ajassp.2009.424.429

Tractinsky, N., Katz, A. S., & Ikar, D. (2000). What is beautiful is usable. Interacting with Computers, 13(2), 
127–145. doi:10.1016/S0953-5438(00)00031-X

http://dx.doi.org/10.25147/ijcsr.2017.001.1.23
http://dx.doi.org/10.25147/ijcsr.2017.001.1.23
http://dx.doi.org/10.4018/IJMHCI.313026
http://dx.doi.org/10.1016/j.infsof.2015.01.009
http://dx.doi.org/10.1080/00140130802558995
http://www.ncbi.nlm.nih.gov/pubmed/19479580
http://dx.doi.org/10.1037/1040-3590.8.4.350
http://dx.doi.org/10.1108/10650740610639714
http://dx.doi.org/10.1016/j.chb.2020.106627
https://uxpajournal.org/wp-content/uploads/sites/8/pdf/JUS_Silvennoinen_Nov2014.pdf
https://uxpajournal.org/wp-content/uploads/sites/8/pdf/JUS_Silvennoinen_Nov2014.pdf
https://www.danielsoper.com/statcalc/calculator.aspx?id=1
https://www.danielsoper.com/statcalc/calculator.aspx?id=1
http://dx.doi.org/10.1007/s11165-016-9602-2
http://dx.doi.org/10.3844/ajassp.2009.424.429
http://dx.doi.org/10.1016/S0953-5438(00)00031-X


International Journal of Mobile Human Computer Interaction
Volume 15 • Issue 1

19

Rex P. Bringula is a professor at the University of the East (UE) College of Computer Studies and Systems. He 
received his BS Computer Science degree from UE as a Department of Science and Technology scholar. He 
received his Master in Information Technology and Ph.D. in Technology Management in Technological University 
of the Philippines. He is active in conducting school- and government-funded research projects, and in participating 
in local and international conferences. His research interests are in computer science/IT education, affective 
computing, Internet studies, cyber-behavior, web usability, and environmental issues.

Janszen Kiel L. Jose was a BS Information Technology student of the University of the East.

Arnelle T. Lardizabal was a BS Computer Science student of the University of the East.

John Raymon D. Lizaso was a BS Computer Science student of the University of the East.

Tuch, A. N., Roth, S. P., Hornbæk, K., Opwis, K., & Bargas-Avila, J. A. (2012). Is beautiful really usable? Toward 
understanding the relation between usability, aesthetics, and affect in HCI. Computers in Human Behavior, 28(5), 
1596–1607. doi:10.1016/j.chb.2012.03.024

Wells, J. D., Valacich, J. S., & Hess, T. J. (2011). What signal are you sending? How website quality influences 
perceptions of product quality and purchase intentions. Management Information Systems Quarterly, 35(2), 
373–396. doi:10.2307/23044048

Yuniarto, D., Suryadi, M., Firmansyah, E., Herdiana, D., & Rahman, A. B. A. (2018, August). Integrating the 
readiness and usability models for assessing the information system use. In 2018 6th International Conference 
on Cyber and IT Service Management (CITSM) (pp. 1-6). IEEE. doi:10.1109/CITSM.2018.8674349

Zhang, D., & Adipat, B. (2005). Challenges, methodologies, and issues in the usability testing of mobile 
applications. International Journal of Human-Computer Interaction, 18(3), 293–308. doi:10.1207/
s15327590ijhc1803_3

http://dx.doi.org/10.1016/j.chb.2012.03.024
http://dx.doi.org/10.2307/23044048
http://dx.doi.org/10.1109/CITSM.2018.8674349
http://dx.doi.org/10.1207/s15327590ijhc1803_3
http://dx.doi.org/10.1207/s15327590ijhc1803_3

